The indicator of urban success is the success of its urban services. Although much research on services have been made, there is major gap with regard to the regional services, especially on urban services within a country. As the Chinese government intends to accelerate the development of urban services and regional economy in the present Twelfth Five-Year Plan 2011-2015, the main purpose of this paper is to investigate the effect of urban services development on regional growth. By using panel data of 30 provinces in China from 2001-2011 and through GLS estimation of the random effect panel data model, it is found that the growth of urban services performed rather well in promoting regional economic growth of all of the three regions in China. But the promoting role of urban services on regional economic growth in this three regions were different among which, the role of urban services in eastern region were strongest , followed by central region and weakest in Western region.
Introduction
Since reform and opening up, China has made remarkable economic achievements. In the growing process, its economic structure has also undergone a transformation, and its industrial structure has been gradually optimized and deepened. One important manifestation is the status of services in China's economy has been greatly enhanced that their role in promoting economic development has been growing (Cheng,2003) .Urban are the main carrier for services ' development（Ji,2004 .In 2009, 71% of value added services in China was created by 285 cities at prefecture level. (Source of data: China statistical Yearbook, 2010). Urban services are playing an increasingly important role in the sustained and rapid growth of Chinese economy, but problems of inadequate total output, inferior internal structure , apparent regional disparities , have become major resistance in urban services' growth. Especially, the expanding regional gap in services is bound to affect its sustainable development as well as enlarge the imbalance in regional economies.
Therefore, the main purpose of this study is to investigate the effect of urban services growth on regional growth in China.
Specifications of Panel Data Model

The Data
This paper selected prefecture-level cities of 30 provinces of China , excepting Tibet ,Hong Kong, Macao and Taiwan, municipalities. The main method of data collection is the analysis of documents of official statistics. Therefore, the main sources of data are secondary data and the data source is from corresponding year of China Statistical Yearbook and China Urban Yearbook. Foreign direct investment data will be from the corresponding year of the "China Foreign Economic and Trade Yearbook".
Variables
In this study, the panel data model will be used. In order to measure the regional effect, the 30 provinces of China will be divided into eastern, central and western regions. Economic growth theory focus on the role of various factors in the process of long-term economic growth. The structural school hold that economic growth and industrial structural change are strongly interrelated. From the classical economic growth theory, the neoclassical economic growth theory to the new economic growth theory, all regard physical capital as one of the important factors promoting economic growth.
Since the New Institutional Economics, institutional factors are begun to be regarded as endogenous variables for economic growth rather than exogenous variables. Economic openness level is an important institutional factors of economic growth (Barro, 1996) . Therefore, based on the above analysis on factors influencing regional growth as well as in combination of New Growth Theory and the New Geographical Economics, the model here will introduce regional urban services growth level(RURBS), regional industrial growth level(RIND), regional openness level(RFDI), regional physical capital investment level,(RINV) and regional urban services concentration level (RUSLQ) , as independent variables for analysis. The basic unrestricted panel data model is lnRGDP it =a it +β 1it lnRURBS it ++β 2it lnRIND it +β 3it ln+
(1)
α it : intercept coefficients that vary across individual(city) i and time t β kit : (β1it, β2it, β6it) : 1 ×5 vectors of slope par ameters that vary across individual (city) i and time t ξ it : the error term.
i: the number of individual members, t: the number of time .
RGDPi=the regional economic growth level ,which is the regional GDP of region i RURBSi = regional urban services growth level ,which is the urban services output value of region i RINDi=regional secondary industrial growth level,which is the secondary industry's output value of region i RFDIi= regional openness level, which is the value of FDI in region i RINVi=the regional physical capital ,which is the fixed capital investment in region i RUSLQi =regional urban services' concentration , which is the regional urban services' location quotient As for the independent variable of FDI, it will firstly be converted to the value of the Renminbi using the average exchange rate of corresponding year. As for the variables of RGDP, RURBS,RIND, RFDI ,RINV , they were converted into the value calculated by the constant 1978 consumer price index. Then take the natural logarithm of those above five variables to eliminate heteroscedasticity. It is assumed that parameters are constant over time t, but can vary across individuals. Thus, the procedures to estimate the model based on the panel data approach may be summed up in terms of the following: Table 1 ,2 and 3 the panel unit root tests results in level indicated the null hypothesis of non-stationary cannot be rejected at 1, 5 and 10 percent levels of significance for all the series in the eastern ,central and western regions . However, for the series in their first difference, the results of the panel unit root test of the three regions showed that the probability values were less than 0.10 for all series, which suggests the panel non-stationarity of the null hypothesis at 1,5, and 10 percent levels of significance can be rejected. This indicates that all the data of the three regions were stationary in their first-difference and not in level.
Results of Panel Cointegration Tests
In the previous section, the results confirmed that all series of the three regions were integrated of the same order of I(1) for the panel unit root tests. This allows for testing of any possible long-run relationships among the series in the equation. To achieve this , the Panel Cointegration Tests are conducted .The Pedroni panel cointegration test results of the eastern , western and central region are summarized in Table4 . As can be seen from table 4 , all the statistics of panel PP, Panel ADF, Group PP and Group ADF of the three regions rejected the null hypothesis that there is no cointegration relationship at the 1% or 5% level of significance. While, the Panel v, Panel rho and Group rho statistics cannot reject the null hypothesis. According to Pedroni (1999&2004 ), in a small sample analysis, that is, for such T <20 short time analysis , the Panel ADF and Group ADF test results are more effective than the Panel v, Panel rho and Group rho tests. When the test results appear inconsistent, it should follow the results of Panel ADF and Group ADF tests. Considering the sample period is only 10 years in this study, that is a small sample, the study are subject to the results of Panel ADF and Group ADF tests, through which the co integration relationship between variables can be judged. The above test showed there exists cointegration relationship between variables, the next step is to estimate the long-run equilibrium equation (co integration equation) of the panel data model.
The Estimation of Panel Data Model
F-Test
To choose between pooled regression and fixed effects as a correct model,the F-test is employed. From The results shows that all the p-values of the three regions are 1 percent . This means that the null hypothesis which states that the random effect as a correct model can not be rejected , therefore the random effect model is the correct model. Thus, the results lead us to conclude that the random effect estimator is the most robust among the panel data estimates.
The Estimation Results of Random Effect
In the random effect model, the individual differences are thought to represent random variation about some average intercept for the individual in the sample. The results are reported in In the random effect estimation of the eastern region, the coefficients of lnRURBS, lnRIND have a positive coefficient and statistically significant at 1% level. Meanwhile, the independent variable of lnRFDI showed statistically significant with a negative sign. And the other two independent variables, lnRINV, RUSLQ did not pass the t-test, which means they were not statistically significant in the random effect estimation.
In the random effect estimation of the central region, the independent variables of lnRURBS, lnRIND have a positive coefficients and statistically significant at 0.1 percent level. But all the other 3 independent variables did not pass the t-test, which means they were not statistically significant in the random effect estimation. In the random effect estimation of the western region, the independent variables of lnRURBS, lnRIND and lnRFDI have a positive coefficient and statistically significant at 0.1 percent level. While , the other two independent variables did not pass the t-test, which means they were not statistically significant in the random effect estimation. The random effect estimation also fitted well by the value of. Adjusted-R 2 which are basically the same as results in the pooled least squares and fixed effect estimation.
Serial Correlation and the GLS Estimation
Based on the Durbin-Watson table, it has been found that in this study the lower limit d L is 0.94 and the upper limit d U is 1.51 at the 1 percent level of significance Therefore , under the null hypothesis that serial autocorrelation do not exist in the disturbance ui, the zone for Durbin-Watson d statistic to accept this null hypothesis is (1.51, 2.49). while as presented in Table 5 .4.3.a the Durbin-Watson statistics are 0.768618, 0.609147and 0.797203 for the eastern, central and western region respectively meaning that we reject the null hypothesis which stated that there is no autocorrelation. Hence, it gives strong evidence that there is positive serial correlation in the residuals for the three regions in the study.The procedure correcting for serial autocorrelation uses the OLS residuals to calculate ρ. As cited from Gujarati and Porter (2009), one advantage of this method is that it can be used to estimate not only an AR(1) scheme, but also higher order autoregressive schemes, such as AR (2) .
The transformed equation is a form of generalized least squares estimator. Table8 presents the results of the transformation regression for models in this study. From the table 8 , we can see in the GLS estimation of the random effect model of eastern region, the coefficients of lnRURBS*, lnRIND* have a positive coefficient and statistically significant at 1% and 10% levels. Meanwhile, the other independent variables, lnRFDI*, lnRINV*, RUSLQ* did not pass the t-test, which means they were not statistically significant in the GLS estimation. The GLS estimation is reasonably fit as indicated by the Adjusted-R 2 of 0.978724, means that about 98 percent of the variation in explanatory variable can be explained by the variation in the dependent variables. As for the D.W. statistic,it has been greatly increased from 0.768618 to 2.465143 which is in the zone of non autocorrelation problem.
In the GLS estimation of the central region, the independent variables of lnRURBS*, lnRIND* have a positive coefficients and statistically significant at 1% level. But the independent variable of lnRINV* showed statistically significant with a negative sign. The other two independent variables LnRFDI*, USLQ*did not pass the t-test, which means they were not statistically significant in the GLS estimation. The GLS estimation is reasonably fit as indicated by the Adjusted-R 2 of 0.951707, meaning that about 95 percent of the variation in regional GDP of central region can be explained by the variation in the dependent variables. As for the D.W. statistic, it has been greatly increased from 0.609147 to 2.358193 which is in the zone of non autocorrelation problem.
In the GLS estimation estimation of the western region, the independent variables of lnRURBS*, lnRIND* have a positive coefficient and statistically significant at 1% level. While , the independent variable of lnRINV* also showed statistically significant with a negative sign. The other two independent variables LnRFDI*, USLQ*did not pass the t-test, which means they were not statistically significant in the GLS estimation. The GLS estimation is reasonably fit as indicated by the Adjusted-R 2 of 0.880199, meaning that about 88 percent of the variation in regional GDP of central region can be explained by the variation in the dependent variables. As for the D.W. statistic, it has been greatly increased from 0.797203 to 2.315435 which is in the zone of non autocorrelation problem.
Conclusion
Based on results of the GLS estimation of the random effect panel data model, it can be concluded that the growth of urban services performed rather well in promoting regional economic growth of all of the three regions in China. The elasticity coefficients of urban services on regional growth in the eastern ,central and western regions were 0.51. 0.48 and 0.37 respectively and they were all significant at 1%. But the promoting role of urban services on regional economic growth in this three regions were different among which, the role of urban services in eastern region were strongest , followed by central region and weakest in Western region. Moreover, the role of industrialization on regional economic growth in the three regions were significant. The elasticity coefficients of industrialization on regional growth in the eastern ,central and western regions were 0.49, 0.48 and0.50 respectively showing that, so far, the secondary industry was still an important force to promote regional economic growth in China.
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